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Abstract Person tracking in images is an important function to an automatic surveillance system using a vision sensor.
However, it is difficult to identify a person exactly in an image due to the variety of poses. We previously proposed a person
tracking method by Haar-like features and mean-shift algorithm. However, there is a problem that a person is not tracked until
his/her frontal face is detected. This problem is solved in this study by face detection of arbitrary poses using trained cascades.
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