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Construction of Course Detection Method for Mobile Robot on Rough Terrain

Based on 3D Environment Measurement by Multiple Mobile Robots
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This paper describes a novel method for course detection of mobile robot. In this
research, we focus on the scene when mobile robot cannot select appropriate course direction
by its own sensor measurement. The proposed method uses multiple mobile robots system
to perform appropriate course detection. Appropriate course detection is realized by data

integration of terrain traversability analysis results from multiple mobile robots.

Data

integration is executed based on calculated distance between multiple mobile robots and
mobile robots’ relative attitude. The experimental result shows that the proposed method can
decide appropriate course direction of mobile robot in the computer simulation environment.
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Fig. 7 Mobile robot used in the experiment.

Table 1 Mobile robot’s specifications.
Size 690 x 650 x 610 mm
Weight 80 kg
Traversable slope 34 degree
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Fig. 8 Experimental environment on the simulator.

Table 2 Parameter values used in the experiment.

L 20m
n 6
AO 18 degree
Risk value threshold: rjm; 70

Table 3 Parameter values calculated in the experiment.
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