ERRERD 2 HABNEZRPHED-ODEICHREZ AWV -HEREEYYF LT
Mutual Nearest Neighbor Matching Using Adaptive Threshold
for Two-View Pose Estimation with Spherical Images
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Abstract

This study aims to develop a method that achieves high accuracy in estimating pose of spherical camera between two

viewpoints, even under the constraint of limited numbers of feature points. We propose a mutual nearest neighbor matching method

using adaptive threshold for filtering. Specifically, the distances are calculated among all feature points, and the threshold is

determined from the distribution of the distances using percentiles. This study results in robust matching outcomes, consequently

enabling high-accuracy pose estimation.
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