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Abstract:  Object detection is an important task for autonomous mobile robots to recognize the environments and to plan their
paths. Unlike RGB cameras, event cameras can be used in high dynamic range but cannot capture relatively stationary objects.
In this paper, we propose an algorithm to detect both dynamic and relatively stationary objects by estimating the velocities of
bounding boxes and retaining the objects considered stationary. An experiment indicates that the proposed method can detect
not only dynamic but also relatively stationary object not detected by the conventional methods.
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Fig.1 Visualized events

Fig. 2

“Vanished” objects with their labels
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Fig. 3 Architecture of the proposed method
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Fig. 4 Detected objects and Ground Truth
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